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1
METHOD AND APPARATUS FOR
AUTOMATICALLY STRUCTURING FREE
FORM HETEROGENEOUS DATA

CROSS-REFERENCE TO RELATED
APPLICATIONS

This application is a divisional of pending U.S. applica-
tion Ser. No. 11/675,392, filed Feb. 15, 2007, the disclosure
of which is incorporated by reference herein.

The present application is related to U.S. application Ser.
No. 11/675,396, filed on Feb. 15, 2007, and entitled
“Method and Apparatus for Automatically Discovering Fea-
tures in Free Form Heterogeneous Data,” the disclosure of
which is incorporated by reference herein.

FIELD OF THE INVENTION

The present invention generally relates to data processing,
and, more particularly, to a method and apparatus for auto-
matically structuring free form heterogeneous data.

BACKGROUND OF THE INVENTION

Systems that facilitate remote technical assistance are an
integral part of overall information technology (IT) product
sales, deployment, and maintenance life cycle. Such systems
are used, for example, by technical employees, business
partners, and vendors to help solve the problems that cus-
tomers have with hardware and software products. Typi-
cally, the technical helpdesk party receives, from the cus-
tomer, an electronic mail (e-mail) or a telephone call
describing the issue that needs to be fixed. The technical
helpdesk party records, in free form text, the initial e-mail
and subsequent e-mail exchanges on that issue, as well as
any other information that the party considers relevant to
describing or solving the issue.

The technical helpdesk party records this information by
using specific trouble ticket (TT) management tools. These
tools help in the tracking of individual tickets. Thus, when
atechnical helpdesk party needs to solve a problem, they can
first check to see if the problem has been reported for
another customer. If it has, the party can read how to fix the
problem and avoid spending time trying to solve problems
that other technical helpdesk parties have already solved.

However, searching in a collection of free form docu-
ments for a particular topic can be difficult and error prone.
For example, one could try to find potential resolutions for
fixing “Websphere AS version 5.1 on Windows,” and
retrieve an overwhelmingly large amount of irrelevant tick-
ets just because the tickets contain “Websphere version 6 has
been upgraded from Websphere AS version 5.1” in their text.
Alternatively, a party may retrieve an entry stating, for
example, “try the ticket queue for Websphere AS version 5.1
on Linux, because here you are on Websphere AS version
5.1 on Windows queue.”

Existing approaches include a knowledge discovery
approach to problem ticket data. For example, U.S. Pat. No.
6,829,734 entitled “Method for discovering problem reso-
Iutions in a free form computer helpdesk data set” includes
a method and structure for discovering problem resolution in
a helpdesk data set of problem tickets based on using an
enumerated set of phrases that have been identified as
indicating diagnosis, instruction, or corrective action. Dis-
advantages of the existing approaches include the use of
helpdesk ticketing data consisting of short text descriptions
of telephone calls with customers, and as such, many, if not
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most, of the problem tickets provide little or no problem
resolution information. Existing approaches identify tickets
by matching their content to specific words or words com-
binations (indicative of problem diagnosis and resolution)
through word-/phrase-based heuristic rules that have been
manually generated by specialist inspection of the TT.

Existing approaches primarily focus on classical data
mining techniques, such as, for example, clustering based on
frequency of words and discovery based on keywords in the
semi-structured data. However, most of the existing ticket-
ing data is unstructured, highly noisy, and very heteroge-
neous in content (that is, natural language, system generated
data, domain specific terminology, etc.), making it difficult
to effectively apply common data mining techniques used in
the existing approaches to analyze the raw ticketing data.

It would thus be desirable to overcome the limitations in
previous free form data structuring approaches.

SUMMARY OF THE INVENTION

Principles of the present invention provide techniques for
automatically structuring free form heterogeneous data.

For example, in one aspect of the invention, a technique
for automatically structuring free form heterogeneous data
includes the following steps. Free form heterogeneous data
is obtained. The free form heterogeneous data is segmented
into one or more units. The one or more units are automati-
cally labeled based on one or more machine learning tech-
niques, wherein each unit is associated with a label indicat-
ing an information type. Also, the one or more labeled units
are structured in a format to facilitate one or more operations
that use at least a portion of the labeled units, e.g., IT
operations.

In another aspect of the invention, a technique for auto-
matically structuring free form problem ticket data for
facilitating technical assistance for IT operations includes
the following steps. Free form problem ticket data is
obtained. The data is segmented, and the segmented data is
stored in a database. A portion of the segmented data is
manually labeled, and the labeled data is used to generate an
annotation model. The annotation model is used to auto-
matically label a portion of unlabeled segmented data. The
automatically labeled data is stored in the database. Also, the
stored data is structured in a format, wherein the format
facilitates technical assistance for one or more IT operations.

At least one embodiment of the invention can be imple-
mented in the form of a computer product including a
computer usable medium with computer usable program
code for performing the method steps indicated. Further-
more, at least one embodiment of the invention can be
implemented in the form of an apparatus including a
memory and at least one processor that is coupled to the
memory and operative to perform exemplary method steps.

At least one embodiment of the invention may provide
one or more beneficial technical effects, such as, for
example, precise acquisition of information from a problem
ticket. Also, at least one embodiment of the invention may
provide the beneficial effect of effectively structuring a wide
range of complex interleaved unit data types and text
dependencies.

These and other objects, features and advantages of the
present invention will become apparent from the following
detailed description of illustrative embodiments thereof,
which is to be read in connection with the accompanying
drawings.
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BRIEF DESCRIPTION OF DRAWINGS

FIG. 1 is a flow diagram illustrating a method for auto-
matically structuring free form heterogeneous data, accord-
ing to one embodiment of the invention;

FIG. 2 is a flow diagram illustrating a method for auto-
matically structuring free form problem ticket data for
facilitating technical assistance for information technology
(IT) operations, according to one embodiment of the inven-
tion;

FIG. 3 is a system diagram of an exemplary computer
system on which one or more embodiments of the present
invention can be implemented; and

FIG. 4 is a diagram illustrating an exemplary system for
automatically structuring free form problem ticket data for
facilitating technical assistance for information technology
(IT) operations, according to one embodiment of the inven-
tion.

DETAILED DESCRIPTION OF PREFERRED
EMBODIMENTS

Principles of the present invention include techniques to
automatically structure free form heterogeneous textual data
in order to enable an enhanced search system. The tech-
niques include identifying specific features of patterns dis-
covered in the free form text through machine learning
procedures. As used herein, “free form data” refers to data
that does not reside in fixed locations. By way of example,
free form data may include unstructured text in a word
processing document. Also, as used herein, “trouble ticket
(TT)” as well as “problem ticket” refer to a mechanism used
to track the detection, reporting, and resolution of some type
of problem.

Principles of the present invention identify the structure of
free form textual data rich in various descriptions, steps,
analysis, interleaved with data identification details and
content that is not useful for search purpose (for example,
separators). Therefore, one or more embodiments of the
present invention facilitate searching systems that distin-
guish the relevant parts of free form textual data from the
irrelevant portions for various purposes and objectives.
Principles of the present invention provide an approach for
automatically identifying key information structures in a
free form textual problem ticket.

An exemplary embodiment of the present invention uti-
lizes a set of supervised and semi-supervised learning algo-
rithms and processes to carry out the techniques described
below. Free text is segmented into one or more units by
identifying the punctuation, one or more line breaks in the
free form data, or by identifying parts of speech in the data,
particularly the verbs. The segmenting step transforms the
free text into a format that can be labeled, and determines the
text format that will ultimately be provided to the one or
more users. The segmented units are automatically labeled
based on machine learning techniques, so that each unit of
the free form data is associated with one label that indicates
the information type of the unit. The labeling step annotates
the data and makes it possible to impose structure on the free
form TT data.

Once the structure of a TT set has been identified through
manual/automatic analysis of the data and imposed through
automatic labeling, the TT set can be represented by a format
such as, for example, a table, an extensible markup language
(XML) format, or other structured formats. The structured
data format can be used, for example, to facilitate search and
analysis operations that cannot be performed effectively on
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the initial free form data. The structured data can also be
used, for example, to provide a better understanding of the
contents in a ticket to human beings, as well as to provide
a more effective representation to computers. An example of
such an analysis is the detection of individual, concrete steps
taken by individuals (for example, technical employees) to
resolve a particular customer issue. As noted above, in
existing approaches, similar analysis steps would be buried
in the free form text of a ticket and could not, in general, be
reused easily.

Furthermore, in contrast to the disadvantages of existing
approaches, principles of the present invention provide
automated and generic techniques to generate feature-based
complex models (that is, models that make use of one or
more feature sets) to identify the relevant structures of the
TT. An exemplary embodiment of the present invention
provides precise acquisition of information from each ticket,
including, for example, differentiation of problem descrip-
tion from root cause analysis, resolution steps, etc. Also, a
preferred embodiment of the invention is capable of being
used with complex data. A learning process is generated by
a machine learning model and thus, can effectively function
with a wide range of complex interleaved unit data types and
text dependencies. As noted above, existing approaches
utilize rule-based heuristic methods, and are effective only
on data with dominating and obvious features.

Principles of the present invention are based on common
automatic learning, and therefore it is to be appreciated by
one skilled in the art that they are applicable to data sets
other than those described in the specific implementations
herein. For example, most of the basic features discovered
during the evaluation of a particular data set can be inher-
ited, and new features can be easily added.

FIG. 1 shows a flow diagram illustrating a method for
automatically structuring free form heterogeneous data,
according to one embodiment of the invention. Step 102
includes obtaining free form heterogeneous data. Step 104
includes segmenting the free form heterogeneous data into
one or more units. Step 106 includes automatically labeling
the one or more units based on one or more machine learning
techniques, wherein each unit is associated with a label
indicating an information type. Step 108 includes structuring
the one or more labeled units in a format to facilitate one or
more [T operations. Structuring the one or more labeled
units in a format may include facilitating processing of
existing free form data and newly obtained free form data.

FIG. 2 shows a flow diagram illustrating a method for
automatically structuring free form problem ticket data for
facilitating technical assistance for information technology
(IT) operations, according to one embodiment of the inven-
tion. Step 202 includes obtaining free form problem ticket
data. Step 204 includes segmenting the data. Step 206
includes storing the segmented data in a database. Step 208
includes manually labeling a portion of the segmented data.
Exemplary labels may include, for example, abstract, blank
line, contact information (info), important step, no data,
problem context problem description, problem type, root
cause, severity level, and unimportant step.

Also, step 210 includes using the labeled data to generate
an annotation model. Generating an annotation model may
include generating a semi-supervised learning process based
on one or more machine learning techniques. An exemplary
machine learning technique may include a conditional ran-
dom fields (CRFs) learning technique. Step 212 includes
using the annotation model to automatically label a portion
of unlabeled segmented data. Step 214 includes storing the
automatically labeled data in the database. Step 216 includes
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structuring the stored data in a format, wherein the format
facilitates technical assistance for one or more IT operations.
Technical assistance for an IT operation may include pro-
cessing existing free form problem ticket data offline, and
may also include processing newly obtained free form
problem ticket data online.

A variety of techniques, utilizing dedicated hardware,
general purpose processors, firmware, software, or a com-
bination of the foregoing may be employed to implement
one or more embodiments of the present invention. One or
more embodiments of the invention can be implemented in
the form of a computer product including a computer usable
medium with computer usable program code for performing
the method steps indicated. Furthermore, one or more
embodiments of the invention can be implemented in the
form of an apparatus including a memory and at least one
processor that is coupled to the memory and operative to
perform exemplary method steps.

One implementation of the present invention makes sub-
stantial use of software running on a general purpose com-
puter or workstation. With reference to FIG. 3, such an
implementation might employ, for example, a processor
302, a memory 304, and an input and/or output interface
formed, for example, by a display 306 and a keyboard 308.
The term “processor” as used herein is intended to include
any processing device, such as, for example, one that
includes a CPU (central processing unit) and/or other forms
of processing circuitry. Further, the term “processor” may
refer to more than one individual processor. The term
“memory” is intended to include memory associated with a
processor or CPU, such as, for example, RAM (random
access memory), ROM (read only memory), a fixed memory
device (for example, hard drive), a removable memory
device (for example, diskette), a flash memory and the like.
In addition, the phrase “input and/or output interface” as
used herein, is intended to include, for example, one or more
mechanisms for inputting data to the processing unit (for
example, mouse), and one or more mechanisms for provid-
ing results associated with the processing unit (for example,
printer). The processor 302, memory 304, and input and/or
output interface such as display 306 and keyboard 308 can
be interconnected, for example, via bus 310 as part of a data
processing unit 312. Suitable interconnections, for example
via bus 310, can also be provided to a network interface 314,
such as a network card, which can be provided to interface
with a computer network, and to a media interface 316, such
as a diskette or CD-ROM drive, which can be provided to
interface with media 318.

Accordingly, computer software including instructions or
code for performing the methodologies of the invention, as
described herein, may be stored in one or more of the
associated memory devices (for example, ROM, fixed or
removable memory) and, when ready to be utilized, loaded
in part or in whole (for example, into RAM) and executed
by a CPU. Such software could include, but is not limited to,
firmware, resident software, microcode, and the like.

Furthermore, the invention can take the form of a com-
puter program product accessible from a computer-usable or
computer-readable medium (for example, media 318) pro-
viding program code for use by or in connection with a
computer or any instruction execution system. For the
purposes of this description, a computer usable or computer
readable medium can be any apparatus for use by or in
connection with the instruction execution system, apparatus,
or device.

The medium can be an electronic, magnetic, optical,
electromagnetic, infrared, or semiconductor system (or
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apparatus or device) or a propagation medium. Examples of
a computer-readable medium include a semiconductor or
solid-state memory (for example memory 304), magnetic
tape, a removable computer diskette (for example media
318), a random access memory (RAM), a read-only memory
(ROM), a rigid magnetic disk and an optical disk. Current
examples of optical disks include compact disk-read only
memory (CD-ROM), compact disk-read and/or write (CD-
R/W) and DVD.

A data processing system suitable for storing and/or
executing program code will include at least one processor
302 coupled directly or indirectly to memory elements 304
through a system bus 310. The memory elements can
include local memory employed during actual execution of
the program code, bulk storage, and cache memories which
provide temporary storage of at least some program code in
order to reduce the number of times code must be retrieved
from bulk storage during execution.

Input and/or output or I/O devices (including but not
limited to keyboards 308, displays 306, pointing devices,
and the like) can be coupled to the system either directly
(such as via bus 310) or through intervening I/O controllers
(omitted for clarity).

Network adapters such as network interface 314 may also
be coupled to the system to enable the data processing
system to become coupled to other data processing systems
or remote printers or storage devices through intervening
private or public networks. Modems, cable modem, wireless
cards, and Ethernet cards are just a few of the currently
available types of network adapters.

In any case, it should be understood that the components
illustrated herein may be implemented in various forms of
hardware, software, or combinations thereof, for example,
application specific integrated circuit(s) (ASICS), functional
circuitry, one or more appropriately programmed general
purpose digital computers with associated memory, and the
like. Given the teachings of the invention provided herein,
one of ordinary skill in the related art will be able to
contemplate other implementations of the components of the
invention.

FIG. 4 is a diagram illustrating an exemplary system for
automatically structuring free form problem ticket data for
facilitating technical assistance for information technology
(IT) operations, according to one embodiment of the inven-
tion.

As illustrated in FIG. 4, there is an interaction 401
between a user 420 and a technical support individual 422
(for example, a remote technical assistance individual). A
ticket is recorded by the technical support individual 422 at
step 403 into a database, a collection of files, or a file 402
that stores the original ticketing data. Element 402 is a
repository where the helpdesk personnel and the remote
technical assistance individual record the actions taken
during their investigation of a customer’s issues.

The segmentation process in step 405 includes the data
processing step that segments the free form ticketing data
into units. Principles of the present invention may leverage
different ways to achieve segmentation. For example, seg-
mentation can be based on sentences by identifying the
punctuation in the free form data. Also, segmentation can be
based on identifying one or more line breaks in the data.
Additionally, segmentation can be based on identifying parts
of speech in the data. In an exemplary embodiment, seg-
mentation can be based on identifying one or more verbs in
the data.

The unlabeled segmented ticketing data generated by the
segmenting process in step 405 is stored in a database, a
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collection of files, or a file represented by element 406. A
randomly small portion of this data is handled during the
data sampling and labeling process in step 407, a process
which involves manual TT sampling and labeling. Potential
exemplary labels 408 are described in Table 1 below.

TABLE 1

8

in this example should be positive since long strings often
appear in lines of system error messages.

In the exemplary embodiment of the present invention
which adopts Conditional Random Fields, the learning pro-
cess’ target is to evaluate A,. CRFs define the conditional

Description of potential labeling:

Label Label Description

Abstract Lines related to the problem abstract.

Blankline Lines that contain no visible text.

ContactInfo Lines that contain remote assistant contact related
records.

ImportantStep Lines that contain the important resolution steps
followed during the problem solving process.

Nodata Lines of text that have no association with the problem,
the resolution, or the call information.

ProblemContext Lines of text containing any information related to the
environment where the problem occurs and to the
environment configuration.

ProblemDescription Lines that describe the problem.

ProblemType Lines of text that contain the categorization information
of software and hardware problems.

RootCause Lines containing diagnostic analysis of the problem.

SeverityLevel Lines contain the severity level information that reflects
the degree of emergency of the customer problem.

UnimportantStep Lines describing steps unimportant from the problem

resolution perspective, which the remote assistant may
take such as, for example, “wait for customer feedback”.

Element 410 represents a database, a collection of files, or
a file that stores the labeled sampled TT data generated by
the data sampling and labeling process in step 407. Based on
the manually labeled data stored in element 410, the anno-
tation model generation process in step 409 trains the
annotation model. In an exemplary embodiment of the
present invention, the annotation model generation process
in step 409 is a semi-supervised learning process based on
machine learning techniques.

In a preferred embodiment of the invention, a recent
machine learning technique, Conditional Random Fields
(CRFs), is used because of its proven effectiveness on
real-world tasks in various fields. As way of example and not
limitation, 0=(0,,0,, . . . 07) can be a sequence of units of text
in a ticket. Let S be a set of finite state machine (FSM) states,
each of which is associated with a label, leL, such as, for
example, <ProblemDescription>, <ImportantStep>, etc. Let
s=(s,,5,, - - - 57) be some sequence of states. CRF's define the
conditional probability of a state sequence given an input
sequence as:

L T (69)
Pr(s|o) = Z—Oexp ZZMﬁ((S,,I, Sty 0, 1)1,
&

=1

where 7, is a normalization factor over all state sequences,
f.(s,_1,8,0,t) is an arbitrary feature function over its argu-
ments, and A, is a learned weight for each feature function.

In generating an exemplary model to be used to label data,
a feature function may, for example, be defined to have the
value “0” in most cases, and the value “1” if and only if's, ;
is state #1 (for example, labeled <ProblemDescription>), s,
is state #2 (for example, labeled <Error>), and the observa-
tion at position t in o is a line of text containing long strings
separated by a couple of gaps. Higher A weights make their
corresponding FSM transitions more likely, so the weight A,
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probability of a label sequence based on total probability
over the state sequences as follows:

pallloy= " patslo), @

s:l(s)=t

where 1(s) is the sequence of labels corresponding to the
labels of the states in sequence s. The normalization factor
(also known in statistical physics as the partition function) is
the sum of the “scores” of all possible state sequences, as
follows:

T
Zy = Z eXP[Z Zlkfk(sr—ls 1,0, 1)
T

=1
sesT

The unlabeled TT data in element 406, other then the TT
data sampled for populating element 409, can be used for
advanced enhancing of the automatic-labeling model by
semi-supervised learning techniques (for example, Blum,
A., Mitchell, T. Combining labeled and unlabeled data with
co-training. COLT: Proceedings of the Workshop on Com-
putational Learning Theory, pages 92-100 (July 1998), as
well as U.S. Patent Application identified as U.S. Ser. No.
11/675,396, filed concurrently herewith, and entitled
“Method and Apparatus for Automatically Discovering Fea-
tures in Free Form Heterogeneous Data,” the disclosures of
which are incorporated by reference herein).

An annotation model 412 is generated via the training
process in step 409 from the labeled TT data in element 410.
The annotation model 412 can be used to automatically
determine the labels for the units of the remaining unlabeled
TT data in element 406.

Element 414 represents a database, a collection of files, or
a file that stores the automatically annotated TT data initially
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stored unlabeled in element 402 and transformed using the
model in element 412. The automatic annotation process in
step 411 can be executed, for example, offline, as illustrated
in FIG. 4, by processing current existing data. It can also be
done online by, for example, directly processing newly
recorded TT data. Thus, when a technical individual (for
example, a remote technical assistant) closes a ticket, the
ticket can be automatically annotated based on the annota-
tion model 412, and stored into element 414 with its labeled
structure. In the latter exemplary embodiment, element 402
may store only the open tickets, that is, the tickets containing
recording of problems still under investigation, while ele-
ment 414 stores updated annotated TT data.

Element 416 is an example of structured TT data repre-
sentation. As illustrated in FIG. 4, a structured TT data
representation 416 may be a table in a relational database.
The structured TT data representation may also be in the
form of, for example, an extensible markup language (XML)
format.

Once data is annotated, the structure associated with the
labels allows the relevant TT data to be used in many
applications. By way of example, such applications may
include applications associated with providing remote tech-
nical support for IT products, such as, for example, hard-
ware, software, network elements, etc. For instance, FIG. 4
illustrates how it can be used by a user 420 when a problem
happens, to quickly look up a table 416 via step 415 to find
out solutions in step 413 to similar problems encountered by
other users. Helpdesk personnel 422 can also search element
416 via step 417 to reuse previously applied solutions. If
there is a match, the resolution is known and conveyed to the
helpdesk personnel 422 via step 419. If there is no match, the
usual path of involving a call-taker can implemented by the
helpdesk personnel 422. In one or more embodiments of the
present invention, the user-delivered information has infor-
mation related to the fields in element 416, such as, for
example, problem type and problem description.

The structured TT data can also be used to discover the
most frequently recurring problems, as well as to identify
simple problems that may be resolved automatically. In an
exemplary embodiment of the invention, such insights can
be leveraged in the development of an automatic problem
determination system by, for example, arranging each verb
and the corresponding objects with an important-action
label, and associating each verb with certain system opera-
tions.

One or more embodiments of the present invention can be
implemented as a computer program, such as, for example,
a computer program written in the Java or C programming
language.

Although illustrative embodiments of the present inven-
tion have been described herein with reference to the accom-
panying drawings, it is to be understood that the invention
is not limited to those precise embodiments, and that various
other changes and modifications may be made by one skilled
in the art without departing from the scope or spirit of the
invention.

What is claimed is:

1. A method, performed on a data processing system
comprising a memory and a data processor coupled to the
memory, of automatically structuring free form problem
ticket data for facilitating technical assistance for one or
more information technology (IT) operations, comprising
the steps of:
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10
performing an off-line process comprising:

accessing a plurality of problem tickets stored in a first
database, each problem ticket comprising unstruc-
tured textual data associated with one or more prob-
lem contexts;

segmenting the accessed problem tickets into one or
more units of unstructured textual data;

storing the units of unstructured textual data in a second
database;

manually labeling at least a portion of the units of
unstructured textual data using a set of labels;

storing the manually labeled units of unstructured tex-
tual data in a third database; and

generating an annotation model using the manually
labeled units of unstructured textual data in the third
database, wherein generating comprises using a
machine learning process to train the annotation
model using the manually labeled units of unstruc-
tured textual data so that the annotation model is
configured to automatically label a given unlabeled
unit of unstructured textual data with a label that
indicates an information type of the given unlabeled
unit of unstructured textual data; and

performing an on-line process comprising:

obtaining a new problem ticket comprising free form
problem ticket data comprising unstructured textual
data associated with one or more problem contexts
and resolution steps performed to resolve a given
problem associated with the one or more problem
contexts;

segmenting the unstructured textual data of the newly
obtained problem ticket into one or more unlabeled
units of unstructured textual data, wherein the one or
more unlabeled units of unstructured textual data
comprise an entire sentence as contained in the free
form problem ticket data;

using the annotation model to determine an information
type of one or more of the unlabeled units of unstruc-
tured textual data of the newly obtained problem
ticket and to automatically label the one or more
unlabeled units of unstructured textual data of the
newly obtained problem ticket with at least one label
that specifies the determined information type of the
unlabeled unit of unstructured textual data of the
newly obtained problem ticket;

wherein automatically labeling one or more unlabeled
units of unstructured textual data of the newly
obtained problem ticket includes labeling an entire
sentence with a label that specifies content of the
entire sentence;

wherein the labels comprise labels that specify units of
unstructured textual data that are related to the one or
more problem contexts, and labels that specify units
of unstructured textual that are not related to the one
or more problem contexts;

wherein the labels that are related to the one or more
problem contexts comprise labels that specify the
problem context, a problem description, a problem
type, aroot cause of a given problem, a severity level
of the given problem, and which identify segmented
sentences within the newly obtained problem ticket
that relate to resolution steps performed to resolve
the given problem associated with the one or more
problem contexts;

storing the automatically labeled textual data; and

generating a structured representation of the stored
labeled textual data of the newly obtained problem
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ticket data in a structured format, wherein the struc-
tured representation comprises an identifier of the
newly obtained problem ticket, the labels corre-
sponding to the labeled units of textual data that
relate to the one or more problem contexts of the
newly obtained problem ticket and the resolution
steps performed to resolve the given problem asso-
ciated with the one or more problem contexts, and
the segmented sentences from the newly obtained
problem ticket which are associated with the labels
within the structured representation, wherein the
structured format is stored in a database to facilitate
technical assistance for one or more IT operations;
wherein one or more of the method steps are performed,
at least part, on the data processing system.

2. The method of claim 1, wherein the segmenting, steps
comprise identifying punctuation in the unstructured textual
data.

3. The method of claim 1, wherein the segmenting steps
comprise identifying one or more line breaks in the unstruc-
tured textual data.

4. The method of claim 1, wherein the segmenting steps
comprise identifying a part of speech in the unstructured
textual data.

5. The method of claim 4, wherein the part of speech is a
verb.

6. The method of claim 1, wherein the labels further
comprise labels that specify abstract, blank line, contact
information (info), important step, no data, and unimportant
step.

7. The method of claim 1, wherein the step generating an
annotation model comprises generating the annotation
model using a semi-supervised learning process based on
one or more machine learning techniques.

8. The method of claim 7, wherein the one or more
machine learning techniques comprises a conditional ran-
dom fields (CRFs) learning technique.

9. The method of claim 1, further comprising using the
structured representation to process existing free form prob-
lem ticket data offline.

10. The method of claim 1, further comprising using the
structured representation to process another newly obtained
free form problem ticket data online.

11. A computer program product comprising a non-tran-
sitory computer readable storage medium having computer
program code tangibly embodied thereon for automatically
structuring free form problem ticket data for facilitating
technical assistance for one or more information technology
(IT) operations, the computer program product including:

computer useable program code for performing an off-line

process comprising:

accessing a plurality of problem tickets stored in a first
database, each problem ticket comprising unstruc-
tured textual data associated with one or more prob-
lem contexts;

segmenting the accessed problem tickets into one or
more units of unstructured textual data;

storing the units of Unstructured textual data in a
second database;

manually labeling at least a portion of the units of
unstructured textual data using a set of labels;

storing the manually labeled units of unstructured tex-
tual data in a third database; and

generating an annotation model using the manually
labeled units of unstructured textual data in the third
database, wherein generating comprises using a
machine learning process to train the annotation
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model using the manually labeled units of unstruc-
tured textual data so that the annotation model is
configured to automatically label a given unlabeled
unit of unstructured textual data with a label that
indicates an information type of the given unlabeled
unit of unstructured textual data; and
computer usable program code for performing an on-line
process comprising:
obtaining a new problem ticket comprising free form
problem ticket data comprising unstructured textual
data associated with one or more problem contexts
and resolution steps performed to resolve a given
problem associated with the one or more problem
contexts;
segmenting the unstructured textual data of the newly
obtained problem ticket into one or more unlabeled
units of unstructured textual data, Wherein the one or
more unlabeled units of unstructured textual data
comprise an entire sentence as contained in the free
form problem ticket data;
using the annotation model to determine an information
type of one or more of the unlabeled units of unstruc-
tured textual data of the newly obtained problem
ticket and to automatically label the one or more
unlabeled units of unstructured textual data of the
newly obtained problem ticket with at least one label
that specifies the determined information type of the
unlabeled unit of unstructured textual data of the
newly obtained problem ticket;
wherein automatically labeling one or more unlabeled
units of unstructured textual data of the newly
obtained problem ticket includes labeling an entire
sentence with a label that specifies content of the
entire sentence;
wherein the labels comprise labels that specify units of
unstructured textual data that are related to the one or
more problem contexts, and labels that specify units
of unstructured textual that are not related to the one
or more problem contexts;
wherein the labels that are related to the one or more
problem contexts comprise labels that specify the
problem context a problem description, a problem
type, aroot cause of a given problem, a severity level
of the given problem, and which identify segmented
sentences within the newly obtained problem ticket
that relate to resolution steps performed to resolve
the given problem associated with the one or more
problem contexts;
storing the automatically labeled textual data; and
generating a structured representation of the stored
labeled textual data of the newly obtained problem
ticket data in a structured format, wherein the struc-
tured representation comprises an identifier of the
newly obtained problem ticket, the labels corre-
sponding to the labeled units of textual data that
relate to the one or more problem contexts of the
newly obtained problem ticket and the resolution
steps performed to resolve the given problem asso-
ciated with the one or more problem contexts, and
the segmented sentences from the newly obtained
problem ticket which are associated with the labels
within the structured representation, wherein the
structured format is stored in a database to facilitate
technical assistance for one or more IT operations.
12. The computer program product of claim 11, wherein
the computer usable program code for segmenting com-
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prises computer usable program code for identifying punc-
tuation in the unstructured textual data.

13. The computer program product of claim 11, wherein
the computer usable program code for segmenting com-
prises computer usable program code for identifying one or
more line breaks in the unstructured textual data.

14. The computer program product of claim 11, wherein
the computer usable program code for segmenting com-
prises computer usable program code for identifying a part
of speech in the unstructured textual data.

15. The computer program product of claim 14, wherein
the computer usable program code for identifying a part of
speech in the unstructured textual data comprises computer
usable program code for identifying a verb in the unstruc-
tured textual data.

16. The computer program product of claim 11, wherein
the labels further comprise labels that specify abstract, blank
line, contact information (info), important step, no data, and
unimportant step.

10

15

14

17. The computer program product of claim 11, wherein
the computer usable program code for generating an anno-
tation model comprises computer usable program code for
generating the annotation model using a semi-supervised
learning process based on one or more machine learning
techniques.

18. The computer program product of claim 17, wherein
the one or more machine learning techniques comprises a
conditional random fields (CRFs) learning technique.

19. The computer program product of claim 11, further
comprising computer usable program code for using the
structured representation to process existing free form prob-
lem ticket data offline.

20. The computer program product of claim 11, further
comprising computer usable program code for using the
structured representation to process another newly obtained
free form problem ticket data online.
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